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A total of 5 studies were retained after full review. Findings consistently show that QLoRA performance. Ultimately, our vision is to
enables fine-tuning of large open-weight models on a single consumer GPU (~32GB VRAM) empower European organizations to
without sacrificing performance. Low-rank adaptation acts as a regularisation mechanism, secure their code locally, keeping their
reducing variance on noisy datasets such as CVE records. However, poorly stabilised ranks sensitive data completely private and
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architectures built on low-rank adaptation allow sequential assimilation of new vulnerability
signhatures while preserving prior knowledge.
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